Communication Education

ISSN: (Print) (Online) Journal homepage: https://www.tandfonline.com/loi/rced20

Profiles of achievement motivation and
instructional dissent
Matt Shin, Scott A. Myers & Zac D. Johnson
To cite this article: Matt Shin, Scott A. Myers & Zac D. Johnson (2022): Profiles of
achievement motivation and instructional dissent, Communication Education, DOI:
10.1080/03634523.2022.2107690
To link to this article: https://doi.org/10.1080/03634523.2022.2107690

Published online: 10 Aug 2022.

Submit your article to this journal

View related articles

View Crossmark data

Full Terms & Conditions of access and use can be found at
https://www.tandfonline.com/action/journalInformation?journalCode=rced20

COMMUNICATION EDUCATION
https://doi.org/10.1080/03634523.2022.2107690

Proﬁles of achievement motivation and instructional dissent
Matt Shina, Scott A. Myersa and Zac D. Johnsonb
a

Department of Communication Studies, West Virginia University, Morgantown, U.S.A.; bDepartment of
Human Communication Studies, California State University, Fullerton, U.S.A.
ABSTRACT

ARTICLE HISTORY

We integrated perspectives from achievement goal theory and
expectancy-value theory to investigate how undergraduate
students’ (N = 475) achievement motivation might inﬂuence their
instructional dissent. A latent proﬁle analysis of students’
achievement goals, performance self-eﬃcacy, task value, and
perceived cost revealed four distinct subgroups of students
characterized by diﬀerences in their achievement motivation.
Students between these latent proﬁles diﬀered to some degree in
their use of expressive and vengeful dissent but not rhetorical
dissent. When examining instructor clarity as a triggering agent
of dissent, lack of clarity was positively associated with all three
types of instructional dissent; however, auxiliary moderation
models revealed that latent proﬁle membership did not moderate
these eﬀects. Our results suggest that although instructor clarity
has similar eﬀects on students’ instructional dissent—regardless
of their latent proﬁle membership—students still experience
some diﬀerences in instructional dissent which can be explained
by their achievement motivation proﬁles.
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While the ideal university classroom should provide positive experiences for students
and be a hallmarked center for learning, some students ﬁnd themselves in disagreement
with how their classes are managed. When students become dissatisﬁed with their
courses, they engage in instructional dissent—expressing their disagreements and complaints to others regarding their perceived class-related issues (Goodboy, 2011a, 2011b).
However, not all students choose to dissent about their courses, nor do they always use
the same dissent strategies as their peers. Therefore, the purpose of this study was to
ascertain why some students choose to dissent while others choose not to and how
these strategies might diﬀer among individuals. To this end, we applied tenets from
two achievement motivation theories, achievement goal theory and expectancy-value
theory, to investigate whether distinct combinations of students’ motivational factors
would inﬂuence instructional dissent.
The substantive issue for researchers is to understand what issues give rise to classrelated disagreements and why some students might dissent in constructive ways
while others choose to do so in an unproductive, vindictive, and harmful manner.
Although scholars of instructional dissent have identiﬁed many potential triggering
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agents (see Goodboy & Bolkan, 2018), achievement motivation theories provide the
utility to understand what other underlying factors might shape instructional dissent
strategies. To understand this pressing issue, a person-centered approach was utilized
in this study to investigate various achievement motivation factors across theories in conjunction with one another to determine what patterns of achievement motivation exist
among students and how they might inﬂuence instructional dissent.

Understanding the motivation to enact instructional dissent
Students enact dissent through three primary ways. Students engage in expressive dissent
when they complain to other people (e.g., friends or classmates) about their classes to
cathartically vent rather than attempting to remedy their concerns (Goodboy, 2011a,
2011b). Vengeful dissent refers to students who maliciously seek to hurt their instructors
by damaging their reputations or having them removed from their positions (Goodboy,
2011a, 2011b). Rhetorical dissent, which represents a constructive form of dissent, occurs
when students directly approach their instructors about their class-related disagreements
in hopes of them correcting the perceived wrongdoing (Goodboy, 2011a, 2011b). Students’ use of these dissent strategies may vary depending on circumstances and individual diﬀerences.
Instructional dissent occurs because of some triggering event such as perceived unfairness (i.e., distributive, procedural, and interactional justices; Horan et al., 2010; Goodboy,
2011b), instructor misbehaviors (i.e., instructors’ incompetence, oﬀensiveness, and indolence; Bolkan & Goodboy, 2013; Goodboy, 2011a, 2011b), bullying from professors
(Martin et al., 2015), instructor clarity (Bolkan & Goodboy, 2013; LaBelle et al., 2013),
or forceful language (Ball & Goodboy, 2014). While these studies suggest many attributable causes for instructional dissent, yielding practical implications for instructors, less is
known about why some students are motivated to dissent in response to these triggers
while others do not. To better investigate these complex motivational processes, integrating central concepts from diﬀerent achievement motivation theories might better explain
students’ use of instructional dissent than any one theory can on its own merit.
Motivation is the phenomenon that energizes and directs individuals’ actions
(Wigﬁeld et al., 2015). Achievement motivation then refers to motivation that is related
to “performance on tasks at which one could objectively succeed or fail” (Wigﬁeld
et al., 2015, p. 658). Thus, central to achievement motivation is an individual’s perceived
competence (Wigﬁeld & Eccles, 2002). Achievement motivation theories suggest that
students’ academic behaviors are a product of the cognitive processes stemming from
their perceived competence, especially if that perceived competence is at issue. While
many researchers have studied combinations of achievement motivation constructs to
discern unique additive, interactive, selective, and specialized eﬀects (Barron & Harackiewicz, 2001), these studies are generally conﬁned within a single theoretical framework
(e.g., achievement goal theory). Scholars have suggested that integrating multiple theories, especially when employing person-centered research designs, could lead to a
more holistic examination of how a wealth of motivational constructs can jointly
predict students’ academic behaviors (Hong et al., 2020; Hulleman et al., 2008; Liem
et al., 2008; Xu, 2022). As students’ achievement goals and expectancy-value beliefs
have been observed to be predictors of a wide breadth of student behaviors
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(e.g., engagement, learning strategies, self-regulation; Hong et al., 2020; Liem et al., 2008;
Xu, 2022), it makes sense that these achievement motivation factors may also inﬂuence
students’ instructional dissent.
Achievement goal theory
Achievement goal theorists argue that students’ behaviors in a class are driven by the
goals they have toward their studies (Ames, 1992; Dweck & Leggett, 1988; Elliot, 1999;
Harackiewicz et al., 1998). Early conceptualizations of achievement goals, which are
deﬁned as the purpose of an individual’s achievement-related behaviors, identiﬁed
mastery and performance goals as two distinct goal orientations (Ames, 1992). Students
with mastery goals are concerned with optimally developing their skills, while students
with performance goals are concerned with demonstrating their skills relative to
others (Elliot & McGregor, 2001). Elliot and McGregor (2001) argued goal orientations
could be further delineated by considering how competence could be valenced such as
when a student is seeking positive outcomes (i.e., approach focus) or seeking to avoid
negative outcomes (i.e., avoidance focus). This notion has led achievement goal researchers to adopt either a trichotomous or 2 × 2 conceptualization of achievement goal (Elliot
& McGregor, 2001; Pastor et al., 2007). However, because mastery-avoidance goals from
the 2 × 2 framework are rarely observed among students (Lee & Bong, 2016)—and may
be a statistical artifact given their theoretical ambiguity (Jiang et al., 2018)—the trichotomous achievement goal framework (i.e., mastery-approach, performance-approach, performance-avoidance) was used in this study as other contemporary studies have utilized
(e.g., Hong et al., 2020; Liem et al., 2008).
Within the trichotomous achievement goal framework, a mastery-approach orientation describes students who are concerned with mastering an academic task, improving
their competency, and learning as much as possible. A performance-approach orientation
describes students who seek to outperform others for the sake of gaining approval of their
competence from others. Lastly, a performance-avoidance orientation refers to students
whose goal is to avoid appearing incompetent to others. While students may be inclined
to favor one of these goal orientations, scholars have argued for a multiple goals perspective, which suggests that students have simultaneous goal orientations which jointly
predict their class-related behaviors (Barron & Harackiewicz, 2001; Harackiewicz
et al., 1998).
Given how the diﬀerent natures of these goal orientations give rise to diﬀerent academic-related behaviors, it stands to reason those diﬀerences in goals may give rise to
diﬀerences in dissent. Indeed, previous researchers have found that students who were
more grade oriented (i.e., performance goal) were more likely to engage in expressive
and vengeful dissent, however, students who were more learning-oriented (i.e.,
mastery goal) were more likely to engage in rhetorical dissent (Goodboy & Frisby,
2014). Students who adopt a mastery approach may feel more inclined to engage in rhetorical dissent to remedy concerns about their learning experience, while students with
performance goal orientations may engage in more expressive and vengeful dissent to
make excuses or blame others for their shortcomings. Adopting the multiple goals perspective within a person-centered research design may help further identify which combinations of goals might contribute to diﬀerent types of instructional dissent.
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Expectancy-Value theory
Expectancy-value theory suggests that students’ behaviors are motivated by their expectancy for success and their subjective task value (Eccles et al., 1983). The expectancy for
success component of the theory stems from Bandura’s theory of self-eﬃcacy. Selfeﬃcacy, which is the self-appraisal of one’s ability to perform and/or master a particular
task, is central to many human behaviors (Bandura, 1997). Individuals who are selfeﬃcacious about their learning and academic performance are better self-regulated learners and tend to be more participative and persistent, and experience fewer negative
emotions when undertaking diﬃcult academic tasks (Zimmerman, 2000). Likewise, individuals’ enactment of instructional dissent appears to be contingent on their self-eﬃcacy
beliefs. For instance, Goodboy and Frisby (2014) found that a lack of self-eﬃcacy for
learning leads students to engage in expressive and vengeful dissent strategies. Similarly,
LaBelle et al. (2013) found that self-eﬃcacy for learning as a result of instructors’ clarity
led to more rhetorical dissent and less expressive dissent. Given these ﬁndings, it seems
apparent that performance self-eﬃcacy plays a key role in instructional dissent
tendencies.
The other component of expectancy-value theory, subjective task value, includes four
components: intrinsic value, attainment value, utility value, and perceived cost. Intrinsic
value refers to the enjoyment associated with a task (e.g., ﬁnding class content to be personally interesting or satisfying). Attainment value refers to the personal importance an
individual associates with a task (e.g., ﬁnding certain aspects of the class to be personally
important or central to one’s identity). Utility value refers to the value of a task based on
its usefulness toward one’s present or future goals (e.g., ﬁnding concepts in a class to be
useful for future courses). While associations between intrinsic, attainment, and utility
values and instructional dissent have not been studied explicitly, some research suggests
that these value components might inﬂuence dissent. For instance, Shin et al. (2022)
found that when doctoral students were more autonomously motivated (i.e., found
their studies to be satisfying, meaningful, and important), they experienced less
burnout during their graduate program and therefore were more likely to engage in rhetorical dissent and refrain from expressive and vengeful dissent. Because autonomous
motivation shares some similarities with the elements of task value (i.e., intrinsic, attainment, utility interest), it is likely that task value would inﬂuence instructional dissent to
some degree.
Perceived cost has often been neglected in studies examining subjective task value, but
in recent years, scholars have found cost to be inﬂuential in predicting avoidance goals
(i.e., performance avoidance and work avoidance), negative classroom aﬀect, and academic achievement, even after controlling for the eﬀects of self-eﬃcacy and task value
(Jiang et al., 2018). However, because research on cost only recently resurged, contemporary conceptualizations diﬀer (Eccles & Wigﬁeld, 2020). Perceived costs can be
deﬁned as the negative appraisals that individuals have toward what they have invested
or given up to engage in a task (Flake et al., 2015). Flake et al. (2015) argue that perceived
cost itself is a multidimensional construct comprising (a) task eﬀort cost, the time and
energy required to engage in a task (e.g., the amount of studying required for a class),
(b) outside eﬀort cost, the time and eﬀort required for other unrelated tasks (e.g.,
having other obligations impede the eﬀort required for class), (c) loss of valued
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alternatives, the loss of opportunities as a result of a task (e.g., not being able to partake in
extracurricular activities due to the time and eﬀort required for class), and (d) emotional
cost, the negative psychological states associated with engaging in a task (e.g., ﬁnding a
class to be too stressful). It stands to reason that as students experience more perceived
cost associated with a class, they may feel more inclined to dissent as they lose valued
alternatives and incur more emotional cost.
Integrating achievement motivation theories
Because students’ achievement goals, self-eﬃcacy, and subjective task value all have
plausible reasons for inﬂuencing instructional dissent, a mixture of these motivational
constructs might explain diﬀerences in instructional dissent better than they could
alone. Traditional variable-centered research designs seek to demonstrate relationships
between constructs, while person-centered research designs such as mixture models
allow for researchers to identify potential heterogeneity within a population based on
unique combinations of variables (Morin et al., 2020). Employing a person-centered
mixture model is advantageous in that it is an exploratory process through which
researchers can empirically distinguish quantitatively and qualitatively unique subgroups
of people based on some collection of constructs such as students’ achievement goals,
self-eﬃcacy beliefs, and subjective task value (Morin et al., 2020). This process allows
researchers to discover how patterns of constructs manifest within individuals, but
researchers are also able to accurately categorize individuals into these distinct proﬁles
and model them as latent categorical variables to examine how they may diﬀer collectively from members of other proﬁles on some outcome such as instructional dissent.
Researchers have used mixture modeling techniques to address substantive issues in
many contexts allowing them to identify what distinct combinations of relationship parameters lead to more turbulent marriages (Goodboy et al., 2022), how diﬀerences in students’ quality of motivation lead to maladjustment and instructional dissent (Shin et al.,
2022), and how diﬀerent combinations of work commitments in an organization can
inﬂuence organizational citizenship behaviors, intentions to leave, and individuals’
well-being (Meyer et al., 2021). Similarly, unique combinations and conﬁgurations of
achievement goals, performance self-eﬃcacy, subjective task value, and perceived cost
should lead students to diﬀerences in how they choose to dissent. Therefore, the following research questions were posited to guide this study:
RQ1: How many distinct latent proﬁles will emerge based on students’ achievement goals,
self-eﬃcacy, task value, and perceived cost?
RQ2: How does latent proﬁle membership inﬂuence students’ instructional dissent?

Clarity
Because students dissent diﬀerently not only based on their internal attributes but also
due to a myriad of external forces, instructor clarity was incorporated into this study
to provide a uniform triggering agent of dissent. Instructor clarity was chosen over
other triggering agents because ﬁndings from previous studies suggest that unclear teaching has the potential to inﬂuence all three types of instructional dissent (Ball & Goodboy,
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2014; Bolkan & Goodboy, 2013; LaBelle et al., 2013). This is unsurprising, as students
have routinely considered instructor clarity as the most paramount instructor behavior
(Goldman et al., 2017; Knoster et al., 2021; Myers & Stratton, 2021). As multiple
meta-analyses compiling decades of clarity research have demonstrated, instructor
clarity is one of the strongest predictors of both student aﬀect and learning (Schneider
& Preckel, 2017; Titsworth et al., 2015); therefore, a lack of clarity would likely present
a major class-related issue for most students, which could then lead to a greater likelihood of dissent.
Another reason why instructor clarity was chosen to be the triggering agent in this
study is that instructor clarity has also been found to be associated with various
aspects of students’ motivation. The relationship between instructor clarity and
student learning (both perceived and actual) is often contingent on or moderated by
achievement motivation factors such as students’ mastery approach (Bolkan, 2017b),
subjective task value (Bolkan, 2019), and motivation to deeply process course material
(Bolkan et al., 2016). Given that clarity interacts with various aspects of students’ motivation to change their learning outcomes, there may also be potential interactions between
clarity and patterns of achievement motivation that might inﬂuence the ways students
choose to dissent.
Because instructor clarity is a particularly salient instructional variable related to students’ motivation and instructional dissent, the following hypothesis was posited to
further guide this study:
H: The eﬀect of instructor lack of clarity on instructional dissent will diﬀer based on the
probability of latent proﬁle membership.

Method
Participants
Undergraduate student participants (N = 475) were recruited using nonprobability
sampling. Three hundred and twenty-ﬁve students chose to report on a class with
a face-to-face modality (68.4%; i.e., class meetings occurred in-person every week),
nine reported on a hybrid class (1.9%; i.e., class meetings occurred in-person and
online every week), 84 reported on an online asynchronous course (17.7%; i.e.,
class meetings did not occur live), 44 reported on an online synchronous course
(9.3%; i.e., class meetings occurred live online through a video conferencing platform every week), and 13 reported on classes using other modalities (2.7%; e.g.,
class meetings sporadically changed modalities throughout the semester). Participants’ ages ranged from 18 to 50 (M = 20.34, SD = 2.82). One hundred and ﬁftyfour participants identiﬁed as cisgender men (32.4%), 312 identiﬁed as cisgender
women (65.7%), two identiﬁed as transgender women (0.4%), six identiﬁed as nonbinary (1.3%), and one identiﬁed as genderﬂuid (0.2%). Class ranks included 133
ﬁrst-year students (28.0%), 97 sophomores (20.4%), 117 juniors (24.6%), 119
seniors (25.1%), and eight students in their ﬁfth year of college (1.7%), and one
did not report their class rank (0.2%). Eighteen participants identiﬁed as Asian
(3.8%), 24 identiﬁed as Black (5.1%), 60 identiﬁed as Latino/a/x or Hispanic
(12.6%), 17 identiﬁed as Middle Eastern (3.6%), ﬁve identiﬁed as Paciﬁc Islander
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(1.1%), 335 identiﬁed as white (70.5%), 14 chose other (2.9%), and two did not
report their race (0.4%).
Procedure
Upon receiving acknowledgment from the institutional review board, participants were
recruited from communication studies courses at a large Mid-Atlantic university and a
large West Coast university. Participants who voluntarily consented to be in the study
were directed to an online questionnaire asking them to report on their motivation,
instructional dissent, and perceptions of instructor clarity in their worst course this semester to maximize potential dissent episodes (Goodboy et al., 2015). Participants received
minimal extra credit for completing the online questionnaire.
Instrumentation
Composite reliability (ω) for all measures used in this study was estimated in Mplus 8.7
(Muthén & Muthén, 2017) using maximum likelihood estimation. We used 10,000 biascorrected bootstrap samples to generate 95% conﬁdence intervals for each reliability estimate (Goodboy & Martin, 2020).
Instructor clarity
Students’ perception of their instructors’ clarity was measured using the clarity indicators
scale (Bolkan, 2017). Four items measured disﬂuency ω = .861, 95% CI [.837, .882]; M =
3.616, SD = 1.523; e.g., “My teacher has a hard time coming up with appropriate examples
to explain course concepts”), four items measured working memory overload (ω = .943,
95% CI [.929, .955]; M = 4.785, SD = 1.802; e.g., “The amount of information presented
in our lessons can be overwhelming”), four items measured interaction (ω = .886, 95% CI
[.864, .904]; M = 3.969, SD = 1.510; e.g., “In this class, my teacher ﬁrst explains things and
then stops so we can ask questions”), four items measured coherence (ω = .899, 95% CI
[.877, .918]; M = 3.514, SD = 1.611; e.g., “This teacher goes on unrelated tangents when
we are discussing ideas in class”), and four items measured structure (ω = .866, 95% CI
[.842, .888]; M = 4.212, SD = 1.410; e.g., “Our class lectures are organized into speciﬁc,
manageable content blocks”). Items from the interaction and structure subscales were
reverse-coded so that the clarity indicators scale reﬂected a lack of instructor clarity.
Responses ranged from (1) strongly disagree to (7) strongly agree.
Instructional dissent
Students’ reports of instructional dissent were measured using the instructional dissent
scale (Goodboy, 2011b). Ten items measured expressive dissent (ω = .949, 95% CI
[.940, .956]; M = 1.818, SD = 1.097; e.g., “I express my disappointment about this
course to other people because it helps me feel better”), six items measured rhetorical
dissent (ω = .903, 95% CI [.884, .919]; M = 1.072, SD = 0.956; e.g., “I tell my teacher
when I disagree with him/her so I can do better in the course”), and six items measured
vengeful dissent (ω = .921, 95% CI [.893, .942]; M = 0.264, SD = 0.619; e.g., “I hope to ruin
my teacher’s reputation by exposing his/her bad practices to others”). Responses ranged
from (0) never to (4) very often.
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Achievement goal orientation
Students’ achievement goal orientations were measured using the achievement goal questionnaire–revised scale (Elliot & Murayama, 2008). Three items measured masteryapproach (ω = .828, 95% CI [.791, .860]; M = 3.941, SD = 0.808; e.g., “My aim is to completely master the material presented in this class”), three items measured performanceapproach (ω = .808, 95% CI [.767, .843]; M = 3.808, SD = 0.784; e.g., “My goal is to
perform better than the other students”), and three items measured performance-avoidance (ω = .841, 95% CI [.804, .873]; M = 3.838, SD = 0.831; e.g., “My aim is to avoid doing
worse than other students”). Responses ranged from (1) strongly disagree to (5) strongly
agree.
Self-Eﬃcacy
Students’ performance self-eﬃcacy (ω = .948, 95% CI [.938, .956]; M = 4.036, SD = 1.502)
was measured using the 8-item self-eﬃcacy for learning and performance subscale from
the Motivated Strategies for Learning Questionnaire (MSLQ; Pintrich et al., 1991). An
example item is, “I’m certain I can understand the most diﬃcult material presented in
the readings for this course.” Responses ranged from (1) not at all true of me to (7)
very true of me.
Task value
Students’ subjective task value (ω = .931, 95% CI [.918, .942]; M = 4.098, SD = 1.708)
related to their class was measured using the task value subscale from the MSLQ. An
example item is, “I think I will be able to use what I learn in this course in other
courses.” Responses ranged from (1) not at all true of me to (7) very true of me.
Perceived cost
Students’ perceived cost of being in class was measured using Flake et al.’s (2015) cost
scale. Five items measured task eﬀort cost (ω = .946, 95% CI [.934, .956]; M = 5.454,
SD = 2.072; e.g., “This class requires too much eﬀort”), four items measured outside
eﬀort cost (ω = .969, 95% CI [.960, .976]; M = 4.996, SD = 2.197; e.g., “I have so many
other commitments that I can’t put forth the eﬀort needed for this class”), four items
measured loss of valued alternatives (ω = .959, 95% CI [.949, .966]; M = 4.355, SD =
2.126; e.g., “This class requires me to give up too many other activities I value”), and
six items measured emotional cost (ω = .947, 95% CI [.936, .957]; M = 6.038, SD =
2.145; e.g., “I worry too much about this class”). Responses ranged from (1) completely
disagree to (9) completely agree.

Results
Preliminary measurement models
All data analyses in this study were conducted in Mplus 8.7. Data analysis began by ﬁrst
testing preliminary measurement models using robust maximum likelihood estimation
(MLR) to provide evidence of validity based on internal structure, and thus, supporting
the multidimensionality of the constructs being studied. A conﬁrmatory factor analysis
(CFA) was conducted with the nine achievement goal and expectancy-value constructs,
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which were going to serve as indicators for subsequent latent proﬁle analyses (LPAs):
mastery goals, performance goals, performance-avoidance goals, performance selfeﬃcacy, task value, task eﬀort cost, outside eﬀort cost, loss of valued alternatives, and
emotional cost. Results of this CFA indicated a reasonable ﬁt to the data: x2YB (783) =
1665.908, p < .001; SRMR = .039; RMSEA = .049, 90% CI [.045, .052]; CFI = .938; TLI
= .932. Another CFA was conducted using the three dissent strategies from the instructional dissent scale (i.e., expressive, rhetorical, and vengeful dissent), which also resulted
in a reasonable ﬁt to the data: x2YB (206) = 576.160, p < .001; SRMR = .050; RMSEA = .062,
90% CI [.056, .067]; CFI = .929; TLI = .932.
Because the purpose of this study was to examine how students’ general perceptions of
instructor clarity inﬂuence instructional dissent, a bifactor exploratory structural
equation modeling framework (Morin et al., 2016) was employed to assess the construct-relevant psychometric multidimensionality of the clarity construct and determine
if a global factor (i.e., G-factor) could be derived for subsequent analyses. First a CFA,
which ﬁxes cross-loadings to be zero, was contrasted against an exploratory structural
equation model (ESEM; Asparouhov & Muthén, 2009) using oblique target rotation,
which allows for targeted primary loadings to be freely estimated while constraining
cross-loadings to be near or at zero, to assess construct-relevant associations due to conceptually related subscales (Morin, in press). The ESEM (x2YB [100] = 264.021, p < .001;
SRMR = .019; RMSEA = .059, 90% CI [.050, .067]; CFI = .967; TLI = .938) provided a
better global ﬁt than the CFA (x2YB [160] = 471.526, p < .001; SRMR = .055; RMSEA
= .064, 90% CI [.057, .071]; CFI = .938; TLI = .927). The ESEM (λ = .631–.948, M
= .809) and CFA (λ = .707–.932, M = .821) both resulted in well-deﬁned factors, and
the ESEM produced slightly lower factor correlations than the CFA. Additionally, the
ESEM produced only a few low to moderate cross-loadings (i.e., three cross-loadings
ranging from .100–.199 and two cross-loadings ranging from .200 to .299 in absolute
value). These results suggested that the ESEM should be retained over the CFA
(Morin, in press).
Next, the ESEM of the clarity indicators scale was contrasted against a bifactor ESEM
to assess construct-relevant psychometric multidimensionality due to the presence of a
global factor (Morin et al., 2016). The bifactor ESEM using orthogonal target rotation
(x2YB [85] = 118.021, p = .010; SRMR = .011; RMSEA = .029, 90% CI [.014, .040]; CFI
= .993; TLI = .985) provided a better global ﬁt than the ESEM and produced a welldeﬁned G-factor (λ = .202–.656, M = .491) as well as a subset of well-deﬁned speciﬁc
factors (i.e., S-factors; λ = .324–.879, M = .633). These results suggested that the bifactor
ESEM should be retained over the ESEM (Morin, in press). The global factor (G-factor)
of the clarity indicators scale was saved as a regression factor score for use in the LPAs
and auxiliary moderation models.
Latent proﬁle enumeration
To answer the ﬁrst research question and ascertain the optimal solution of latent proﬁles
characterized by students’ achievement motivation, eight LPAs ranging from one to eight
proﬁles were conducted. Each solution was examined based on its interpretability, meaningfulness and conformity to theory, information criteria values, and likelihood ratio
tests (LRT; Marsh et al., 2009). Multiple information criteria and LRTs were utilized
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to help indicate an optimal solution, as none of these statistics are infallible measures for
determining optimal solutions (Morin et al., 2020; Nylund et al., 2007). Information criteria included the Akaike information criterion (AIC), consistent AIC (CAIC), Bayesian
information criterion (BIC), and sample-size adjusted BIC (SSABIC). Lower values for
the AIC, CAIC, BIC, and SSABIC indicate a better-ﬁtting model. However, it is not
uncommon for these information criteria to continue decreasing with the addition of
more proﬁles. Therefore, these information criteria values were plotted on an elbow
plot to visualize at which solution there is a point of diminished decrease
(Nylund-Gibson & Choi, 2018). The adjusted Lo–Mendell–Rubin LRT (LMR) and the
bootstrapped LRT (BLRT) were used to compare k-proﬁle solutions against k−1
proﬁle solutions (i.e., testing whether adding an additional proﬁle was statistically signiﬁcantly better than the preceding solution). A nonsigniﬁcant value for the LMR and
BLRT suggests that the k−1 proﬁle solution should be retained over the k-proﬁle solution. Standardized entropy scores were used to assess the degree of separation
between latent proﬁles within a solution. A higher entropy score (out of 1) indicates
greater separation.
Each LPA was estimated using MLR with equal variances across latent proﬁles.
Because LPAs risk converging on a local solution rather than a true maximum likelihood
(Hipp & Bauer, 2006), 10,000 sets of random start values were speciﬁed with a maximum
of 1,000 iterations, and 1,000 of the best loglikelihood estimates were retained for ﬁnal
stage optimizations. Because instruction can inﬂuence students’ achievement motivation,
the G-factor regression score from the clarity indicators scale was used as a control variable for the proﬁle indicators.
The information criteria and LRTs provided mixed suggestions regarding an optimal
solution. The LMR suggested that a three-proﬁle solution should be retained; however,
simulation studies caution against the LMR in favor of the BLRT for more accurate conclusions (Nylund et al., 2007). However, the BLRT remained signiﬁcant for all LPA solutions, providing no indication that a particular solution should be retained. Meanwhile,
although the AIC, BIC, CAIC, and SSABIC all plateaued roughly on the ﬁve-proﬁle solution, further examination of the latent proﬁle solutions suggested that the four-proﬁle
solution oﬀered the most interpretability and that adding a ﬁfth proﬁle would only split
an existing proﬁle with a similar shape, oﬀering little value and clouding interpretability.
Furthermore, the four-proﬁle solution appears to retain the same proﬁles as the threeproﬁle solution with the addition of one more unique proﬁle. Therefore, we retained
the four-proﬁle solution. For the information criteria values, elbow plot, and retained
four-proﬁle solution, see Tables 1–4.
Proﬁle 1 (High Goals & Low Cost) was characterized by moderately high scores on
achievement goal orientations, self-eﬃcacy, and task value and low scores across all
cost dimensions. Proﬁle 2 (Low Goals & Low Cost) was characterized by moderate
scores on self-eﬃcacy and task value and low scores on achievement goal orientations
and cost dimensions. Proﬁle 3 (Low Goals & High Cost) was characterized by low
scores on achievement goal orientations, self-eﬃcacy, and task value, and high scores
across all cost dimensions. Proﬁle 4 (High Goals & High Cost) was characterized by
high scores across all indicators. An entropy of .772 and average latent proﬁle probabilities for most likely latent proﬁle membership ranging from .844 to .900 (see Table 5)
indicated well-separated latent proﬁles with reliable classiﬁcation.

Table 1. Latent Proﬁle Solutions
Model
1 Proﬁle
2 Proﬁles
3 Proﬁles
4 Proﬁles
5 Proﬁles
6 Proﬁles
7 Proﬁles
8 Proﬁles

LL

FP

SC

AIC

BIC

CAIC

SSABIC

Entropy

LMR

BLRT

−5,964.794
−5,696.384
−5,577.617
−5,504.098
−5,442.715
−5,403.213
−5,369.537
−5,341.631

27
37
47
57
67
77
87
97

0.985
1.155
1.228
1.265
1.417
1.377
1.350
1.428

11,983.587
11,466.768
11,249.233
11,122.195
11,019.430
10,960.426
10,913.074
10,877.262

12,095.997
11,620.811
11,444.909
11,359.504
11,298.372
11,281.002
11,275.282
11,281.103

12,122.997
11,657.811
11,491.910
11,416.505
11,365.372
11,358.001
11,362.282
11,378.104

12,010.303
11,503.378
11,295.739
11,178.595
11,085.724
11,036.615
10,999.157
10,973.240

N/A
.767
.761
.772
.773
.783
.807
.812

N/A
p < .001
p = .024
p = .099
p = .611
p = .353
p = .372
p = .693

N/A
p < .001
p < .001
p < .001
p < .001
p < .001
p < .001
p < .001
COMMUNICATION EDUCATION

Note. LL = loglikelihood; FP = free parameters; SC = scaling correction; AIC = Akaike information criterion; CAIC = consistent AIC; BIC = Bayesian information criterion; SSABIC = sample size
adjusted BIC; LMR = adjusted Lo–Mendell–Rubin likelihood ratio test; BLRT = bootstrapped likelihood ratio test.
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Table 2. Elbow Plot of Information Criteria

Note. See Table 1 for information criteria values

Equality of instructional dissent means across latent proﬁles
To answer the second research question and examine how average levels of instructional dissent diﬀered across latent proﬁles, the equality of instructional dissent
means across latent proﬁles was examined using the BCH approach (Vermunt,
2010), which performs a weighted multiple-group analysis while incorporating classiﬁcation probabilities (McLarnon & O’Neill, 2018). Results indicated that latent proﬁles
diﬀered in their reports of expressive dissent (χ2[3] = 10.715, p = .013) and vengeful
dissent (χ2[3] = 12.861, p = .005) but not rhetorical dissent (χ2[3] = 5.483, p = .140).
Speciﬁcally, Proﬁle 2 (Low Goals & Low Cost) reported less expressive dissent relative
to Proﬁle 3 (Low Goals & High Cost) and Proﬁle 4 (High Goals & High Cost).
Regarding vengeful dissent, Proﬁle 1 (High Goals & Low Cost) reported less vengeful
dissent relative to Proﬁle 2 (Low Goals & Low Cost) and Proﬁle 4 (High Goals &
High Cost). See Table 6 for mean diﬀerences on instructional dissent across latent
proﬁles.

Table 3. Mean Scores Across Latent Proﬁles
Proﬁle 1
High Goals &
Low Cost

Proﬁle 2
Low Goals &
Low Cost

Proﬁle 3
Low Goals &
High Cost

Proﬁle 4
High Goals &
High Cost

Mastery Approach
0.239
−0.405
−0.453
0.659
Performance Approach
0.400
−1.161
−0.369
0.944
Performance Avoidance
0.360
−1.186
−0.269
0.878
Self-Eﬃcacy
0.377
−0.017
−0.569
0.296
Task Value
0.137
0.017
−0.438
0.424
Task Eﬀort Cost
−0.761
−0.449
0.507
0.750
Outside Eﬀort Cost
−0.702
−0.359
0.588
0.468
Loss of Valued Alternatives
−0.876
−0.444
0.623
0.745
Emotional Cost
−0.671
−0.261
0.429
0.574
Note. Variances across proﬁles were .798 for mastery approach, .479 for performance approach, .527 for performance
avoidance, .767 for self-eﬃcacy, .879 for task value, .524 for task eﬀort cost, .648 for outside eﬀort cost, .449 loss of
valued alternatives, and .570 for emotional cost.
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Table 4. Final Four-Proﬁle Solution

Note. Proﬁle indicators are represented as z-scores and are standardized to have a mean of 0 and a standard deviation
of 1.

Table 5. Average Latent Proﬁle Probabilities for Most Likely Latent Proﬁle Membership (Row) by
Latent Proﬁle (Column)
Proﬁle
Proﬁle
Proﬁle
Proﬁle

1 (High Goals & Low Cost)
2 (Low Goals & Low Cost)
3 (Low Goals & High Cost)
4 (High Goals & High Cost)

Proﬁle 1

Proﬁle 2

Proﬁle 3

Proﬁle 4

.900
.067
.024
.041

.042
.844
.061
.001

.028
.090
.856
.069

.030
.000
.059
.889

Auxiliary moderation models
Our hypothesis predicted that the eﬀect of instructors’ lack of clarity on students’ instructional dissent would diﬀer based on the probability of latent proﬁle membership. To test
this hypothesis, a factor score regression was conducted using the saved factor score
derived from the G-factor of the clarity indicators scale to predict Bartlett factor
scores of students’ expressive, rhetorical, and vengeful dissent (Skrondal & Laake,
2001). Maximum likelihood estimation was used to generate 95% conﬁdence intervals
from 10,000 bias-corrected bootstrap samples. The unstandardized estimates indicated
Table 6. Equality Tests of Means Across Latent Proﬁles Using the BCH Procedure
Expressive Dissent
Latent proﬁles
Proﬁle
Proﬁle
Proﬁle
Proﬁle

1 (High Goals & Low Cost)
2 (Low Goals & Low Cost)
3 (Low Goals & High Cost)
4 (High Goals & High Cost)

Mean
−0.038
−0.317ab
0.043a
0.260b

SE
0.090
0.136
0.094
0.121

Rhetorical Dissent
Mean
−0.089
0.096
−0.131
0.241

SE
0.087
0.125
0.093
0.135

Vengeful Dissent
Mean
−0.230ab
0.141a
−0.019
0.243b

SE
0.060
0.132
0.098
0.154

Note. Mean scores with the same superscripts indicate signiﬁcant diﬀerences (p < .05). Z-scores are standardized to have a
mean of 0 and a standard deviation of 1.
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that instructors’ lack of clarity was positively associated with students’ expressive dissent
(Β = .395, 95% CI [.311, .475]; R 2 = .156), rhetorical dissent (Β = .104, 95% CI [.005, .199];
R 2 = .011), and vengeful dissent (Β = .195, 95% CI [.118, .289]; R 2 = .038). Next, the
proﬁle-speciﬁc factor score regressions of instructional dissent on instructors’ lack of
clarity were allowed to vary and be freely estimated within latent proﬁles to test the
overall equivalence of the regression across proﬁles (McLarnon & O’Neill, 2018). An
examination of the omnibus Wald χ2 tests revealed that the eﬀect of instructors’ lack
of clarity on students’ expressive dissent (Wald χ2[3] = 3.973, p = .264), rhetorical
dissent (Wald χ2[3] = 2.249, p = .522), and vengeful dissent (Wald χ2[3] = 5.985,
p = .112) did not diﬀer signiﬁcantly across latent proﬁles. Because there was no evidence
of moderation, the hypothesis was not supported.

Discussion
The purpose of this study was to examine how diﬀerences in students’ achievement
motivation might inﬂuence their instructional dissent. To this end, we examined distinct
patterns of achievement goals, performance self-eﬃcacy, and subjective task value that
students possess and found meaningful diﬀerences between latent subgroups of students.
Furthermore, these patterns of achievement motivation predicted students’ reports of
instructional dissent to some degree. However, when examining how students’ perception of their instructor’s clarity inﬂuences their instructional dissent, students’ achievement motivation proﬁles did not moderate the eﬀect of clarity on dissent. In other
words, instructors’ lack of clarity had relatively the same eﬀects on students’ instructional
dissent, regardless of their latent proﬁle membership.
Results of the LPA revealed both quantitative (i.e., level eﬀects) and qualitative (i.e.,
shape eﬀects) diﬀerences between latent proﬁles (Morin & Marsh, 2015). Level eﬀects
—which describe the tendency for individuals to be high, moderate, or low across
proﬁle indicators—were observed between achievement goals and between perceived
cost dimensions in each of the four proﬁles. That is, when students scored high or low
on one achievement goal, they also tended to score similarly on other achievement
goals. This ﬁnding supports the multiple goals perspective within achievement goal
theory (Barron & Harackiewicz, 2001), suggesting that multiple goal orientations can
function synchronously within individuals. Likewise, when students scored high or
low on one dimension of perceived cost, they tended to score similarly on all other
cost dimensions. This level eﬀect has also been observed in other LPAs that have incorporated multidimensional conceptualizations of perceived cost as a proﬁle indicator (e.g.,
Hong et al., 2020), potentially suggesting that an underlying continuum explains
common variance across cost indicators. Researchers have begun conceptualizing subjective task value as a bifactor model in which a G-factor explains common variance across
all value and cost components (e.g., Part et al., 2020). This conceptualization warrants
further attention as research on perceived cost continues to gain renewed interest, and
studies continue to ﬁnd evidence of construct-relevant multidimensionality.
In addition to level eﬀects, shape eﬀects were observed between latent proﬁles, which
describe the tendency for individuals to have distinct patterns of proﬁle indicators
(Morin & Marsh, 2015). Speciﬁcally, the retained four latent proﬁle solution in this
study visually represented a 2 × 2 solution in which proﬁles were either high or low in
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achievement goals and high or low in perceived cost. Students’ scores on performance
self-eﬃcacy and task value indicators generally followed the same trend as achievement
goals except for students in Proﬁle 2 (Low Goals & Low Cost) where students scored low
on achievement goals but moderate on performance self-eﬃcacy and task value. This
unique distribution of scores across proﬁles had some signiﬁcant associations with students’ reports of instructional dissent.
Students belonging to Proﬁle 2 (Low Goals & Low Cost) reported less expressive
dissent than students belonging to Proﬁle 3 (Low Goals & High Cost) and Proﬁle 4
(High Goals & High Cost). On average, students from Proﬁle 2 did not seem to care
about developing (i.e., mastery goal) or demonstrating (i.e., performance goal) their
level of competence in class, nor did they believe there was a high cost associated with
being in class—which was a key distinction from Proﬁle 3 and Proﬁle 4. Unsurprisingly
then, these students did not appear to feel the need to vent as much to others about their
course. As their proﬁle indicators suggest, students in Proﬁle 2 may be apathetic about
their learning experience in the class in which they reported and therefore felt little to
no need to vent for catharsis.
In examining students’ vengeful dissent, students from Proﬁle 1 (High Goals & Low
Cost) reported engaging in less vengeful dissent than students in Proﬁle 2 (Low Goals
& Low Cost) and Proﬁle 4 (High Goals & High Cost). Relative to Proﬁle 2, students in
Proﬁle 1 appeared to be more goal-oriented and self-eﬃcacious in their learning and performance, despite having similar levels of perceived cost. Because students in Proﬁle 1
possessed greater achievement motivation than students in Proﬁle 2 and simultaneously
perceived slightly lower levels of perceived cost, it stands to reason that these students
might experience fewer disagreements about their course or feel less need to criticize
the quality of their instructor’s teaching to others because deﬁciencies in their teaching
might not be perceived to be as costly. Relative to Proﬁle 4, students in Proﬁle 1 reported
much lower perceived cost, exceeding a 1 standard deviation diﬀerence across all cost
dimensions. Therefore, it appears that even though students in Proﬁle 4 exhibited
similar levels of performance self-eﬃcacy and higher levels of achievement goals and
task value compared with students in Proﬁle 1, there were too many costs associated
with being in the class that they engaged in more vengeful dissent strategies (e.g., spreading negative publicity about their teacher, attempting to ruin their teachers’ reputation,
seeking revenge by getting their teachers in trouble). These ﬁndings not only illustrate
that applying both achievement goal and expectancy-value perspectives in conjunction
with each other allows for a more holistic insight into the complex cognitive processes
which lead to instructional dissent but also highlight the particular importance of perceived cost.
As previously mentioned, research on perceived cost has increased over the past
several years due to it having been overlooked in many studies of subjective task
value. Instructional communication researchers should follow the path of these researchers and investigate the nature of cost to understand how it might shape and change students’ academic performance and behaviors as it did in this study. The perceived cost
dimensions as proﬁle indicators in this study brought out more pronounced qualitative
diﬀerences between latent proﬁles, allowing for a more nuanced understanding of how
patterns of achievement motivation predict instructional dissent. Due to its renewed
interest, several relatively new conceptualizations of the cost construct exist which
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may beneﬁt future instructional communication research (e.g., Flake et al., 2015; Perez
et al., 2014). We encourage future researchers to continue exploring the unique role of
cost in instructional communication processes.
Despite ﬁnding diﬀerences in expressive and vengeful dissent due to diﬀerences in
latent proﬁle membership, no signiﬁcant diﬀerences in rhetorical dissent emerged in
this study. One reason this may have occurred is that rhetorical dissent often involves
navigating relational challenges or obstacles (e.g., instructors being too intimidating to
approach, not wanting to hurt the instructors’ feelings, fearing retaliation from the
instructor). For instance, students have reported that one of the major reasons why
they withhold rhetorical dissent is their lack of response eﬃcacy (i.e., rhetorically dissenting would not lead to remedying their dissatisfaction with an instructor and/or course;
Bolkan & Goodboy, 2013). Indeed, previous research has shown that students who felt
more eﬃcacious in their ability to approach their instructors about their class-related
problems and felt more likely that their complaints would be well received tended to
engage in more rhetorical dissent (Bolkan & Goodboy, 2016). Therefore, even if a
student were to have high mastery goals and would beneﬁt in achieving those goals if
they were to rhetorically dissent, a lack of response eﬃcacy may sway a mastery-oriented
student from doing so. Future researchers should consider controlling for these interpersonal barriers and hindrances, which may then illuminate how achievement motivations
might have nuanced eﬀects on instructional dissent.
The ﬁndings from this study also revealed that instructors’ lack of clarity was positively related to all three types of instructional dissent, illustrating its perceived importance to students. While it was expected that students’ achievement motivation proﬁles
would moderate the eﬀect of clarity on instructional dissent, there was no evidence this
was the case. It appears that in general, students respond similarly to instructors’ lack
of clarity—diﬀerent patterns of achievement motivation do not necessarily promote an
aversion to or proclivity for any particular type of instructional dissent in response to
instructors’ lack of clarity. This may be because most, if not all, students expect
instructors to be clear irrespective of who they are as students. It may not matter
what achievement goal(s) a student has, how eﬃcacious they feel about their performance, or how valuable they ﬁnd the course content to be, because instructor clarity
serves a critically essential function for all students in the classroom. All students
may feel inclined to dissent if they have an unclear teacher because this directly
impacts their success in the course. Despite achievement motivation proﬁles not moderating the eﬀect of clarity on instructional dissent, students between latent proﬁles still
diﬀered to some degree in their use of expressive and vengeful dissent, illustrating that
achievement motivation proﬁles still play some role in students’ choice of dissent
strategies.

Limitations and future directions
There are several limitations to this study and future directions for research that are
important to note. While study ﬁndings illustrated signiﬁcant associations between
achievement motivation proﬁles and students’ use of expressive and vengeful
dissent, there was no evidence in this study regarding any association between achievement motivation proﬁles and rhetorical dissent. Because rhetorical dissent is a
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constructive strategy that students can employ to gain their desired outcomes, future
researchers should focus on variables that facilitate or thwart rhetorical dissent. For
instance, future researchers could consider perceptions of relatedness as a variable
that exerts an inﬂuence on the relationship between achievement motivation and
dissent. As we discussed, there is an inherent relational component to dissent. Feelings
of relatedness might bring students together to engage in more expressive dissent,
encourage highly motivated students to feel more comfortable with rhetorical
dissent, or make students feel less inclined to vengefully dissent despite their teacher’s
poor and ineﬀective teaching. Researchers may also consider investigating instructional
face-support and face-threat mitigation strategies, as these behaviors have been linked
to students’ intrinsic motivation to learn, task mastery orientation, classroom involvement, performance self-eﬃcacy, and perceived emotional support from the instructor
(Hadden & Frisby, 2019; Kerssen-Griep et al., 2003). Because instructional facesupport is associated with both achievement motivation and aspects of the instructor–student relationship, these behaviors may also inﬂuence students’ instructional
dissent.
Another limitation is that while we adopted a popular conceptualization of achievement goals, it is important to note that other scholars have argued for a more expansive list of achievement goals (e.g., Litalien et al., 2017). For instance, in addition to
mastery and performance goals, future researchers might consider the inﬂuence of
social goals (e.g., aﬃliation, social concern) and extrinsic goals (e.g., praise, tokens;
McInerney & Ali, 2006). As mastery and performance goals can have additive
and interactive qualities, these additional goals can also explain unique variations in
students’ academic behaviors such as instructional dissent, or other important behaviors such as engagement and self-regulation, which are essential to academic
achievement.
Considering the relatively small eﬀects of instructor clarity on rhetorical and vengeful
dissent, future researchers should also explore which other instructional characteristics
are more likely to explain more of the variance in instructional dissent. For example, relevance, which encompasses “rhetorical, relational, and pedagogical instructional behaviors that students perceive their instructors to intentionally use to tailor course
content to their learning as it occurs within a particular learning environment”
(Knoster & Myers, 2020, p. 290), may be a greater predictor of instructional dissent.
Because relevance represents whether instructional content has satisﬁed students’ interests, needs, or goals, variations within perceptions of relevance should coincide with variations in instructional dissent.

Conclusion
The ﬁndings from this study suggest that students’ achievement goals, expectancies for
success, perceived value, and perceived costs inﬂuence their instructional dissent.
More speciﬁcally, it is the distinct conﬁgurations of these motivational factors that ultimately inﬂuence diﬀerences in instructional dissent strategies. Triggering agents (e.g.,
instructor clarity) may have similar eﬀects on students’ dissent, regardless of students’
achievement motivation proﬁles; however, these distinct proﬁles may still shape students’
enactment of instructional dissent to some degree.
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